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The essential eight technologies
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Data in Data Science: Big Data3

Financial Logs

Text Files

Multimedia 
Forms

Sensors

Instruments
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Need For Data Science5



Need For Data Science6
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Introduction to Business 

Analytics, Data Analytics and 

Data Science
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Data Mining

Data 

Mining
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Mining



Adding Business Intelligence (BI), 

Machine Learning (ML) and 

Artificial Intelligence (AI)
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and Data Science
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There can be two possible scenarios 

where You have to use Data Science 

to Predict
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Data and Data Science
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What is Data Science?49



What is Data Science?50



51 Data Analysis Vs Data Science

Features
Business 

Intelligence 
Data Science

Data Sources

Structured

(Usually SQL, often 

Data Warehouse)

Both Structured and Unstructured

( logs, cloud data, SQL, NoSQL, text, 

Tweeter Feed)

Approach
Statistics and 

Visualization

Statistics, Machine Learning, Graph 

Analysis, Neuro- linguistic 

Programming (NLP)

Focus Past and Present Present and Future

Tools
Pentaho, Microsoft 

BI, QlikView, R
RapidMiner, BigML, Weka, R



Application of Data Science52

Recommend the right product to right 

customer to enhance business

Predict the characteristics of high LTV 

customers and helps in customer 

segmentation

Build Intelligence and ability in Machines

Predict fraudulent transaction beforehand

Perform sentiment analysis to predict the 

outcome of elections



Application of Data Science53



54

Life Cycle of 

Data Science



55 Phase 1—Discovery

Understand - Specifications, Requirements, Priorities and 

Required Budget. 

Must possess the ability to ask the right questions.

Assess the availability of required resources present in terms 

of people, technology, time and data to support the project.

Frame the business problem and formulate initial hypotheses 

(IH) to test.



56 Phase 2—Data Preparation



57 Phase 3 — Model Planning

Determine the methods and techniques to draw the 

relationships between variables.

These relationships will set the base for the algorithms which will be 
implemented in the next phase.

Apply Exploratory Data Analytics (EDA) using various statistical formulas 
and visualization tools.



58 Phase 4 — Model Building

Develop datasets for training and testing purposes.

Consider whether the existing tools will suffice for running the models or it 

will need a more robust environment (like fast & parallel processing).

Analyze various learning techniques like classification, association and 

clustering to build the model.



59 Phase 5 — Operationalize

Deliver final reports, briefings, code and technical documents.

Pilot project is also implemented in a real-time production environment 

to provide the clear picture of the performance and other related 

constraints on a small scale before full deployment

Phase 6 — Communicate Results

Evaluate if planned goals have been achieved. 

So, in the last phase, identify all the key findings, communicate to the 

stakeholders and determine if the results of the project are a success 

or a failure based on the criteria developed in Phase 1.
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Case Study: Diabetes Prevention

Step 1: Data Discovery

Attributes:

npreg – Number of times pregnant

glucose – Plasma glucose concentration

bp – Blood pressure

skin – Triceps skinfold thickness

bmi – Body mass index

ped – Diabetes pedigree function

age – Age

income – Income
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Case Study: Diabetes Prevention
Step 2: Data Preparation
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Case Study: Diabetes Prevention
Step 2: Data Preparation
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Case Study: Diabetes Prevention
Step 3: Model Planning
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Case Study: Diabetes Prevention
Step 4: Model Building



66 Phase 5 — Operationalize

Run a small pilot project to check if our results are appropriate. Look for 
performance constraints if any. 

If the results are not accurate, then we need to replan and rebuild the 
model.

Phase 6 — Communicate Results

Share the output for full deployment.



67 Few More Use Cases
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70 Role of Data Scientist
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https://365datascience.com/
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Think Big,  Start Small,  Scale Fast and 

Innovate in the era of disruption

THANKYOU

Dr. Neha Sharma

www.drnehasharma.in

nvsharma@rediffmail.com
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